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into the educational process. Based on this, we provide a generalized model of scientific computing education focused on
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Introduction and problem statement

Scientific computing (SC) could become a unifying discipline for university Science, Technology,
Engineering and Mathematics (STEM) education. The possible methodology is based on well-
developed approaches like scientific inquiry (SI) and model-based simulations.

Sl (in a broader sense) includes teaching how to design scientific model-based simulations
(artefacts, which could be designed and evaluated using the relevant methodology) to solve specific
scientific or educational problems. The unifying teaching paradigm for university STEM education can
be formulated as follows: Sl (research) should be taught by means of making model-based computer
simulations in various fields and using seamless approach for theoretical prerequisites; The meaning of
Sl is universal for all disciplines; Sl can be formally defined as “an activity of conducting (making and
using) scientific model-based simulations”.

The importance of models and model-based approaches implies from the following: (1)
Theories of model-centred instruction and model-based education are well developed (Molenda et al.,
2013); (2) Model as an artefact allows practical methods and analytic techniques of Design Science
Research (DSR) (Dolgopolovas et al., 2019; Hevner, 2004) and model-based system analysis to be used
in research and education; (3) There is a strong connection between cognitive activities (mental models)
of students and activities of making (developing, programming and even using pre-developed)
computer models (Landriscina, 2009); (4) Model serves as a basis for model-based simulations.

In this study, model-based simulations are positioned as a basic tool within the provided
methodology due to these reasons: (1) There is a connection between mental simulations and computer
simulations activities (Landriscina, 2013); (2) Simulations (of one or another type) are involved in the
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activity of any model development; (3) Simulation is a kind of generalization of models; (4) Simulations
intersect with serious games and enable the constructionist environment and learner-centred education.

Research methodology

The problem that stimulated this research is the absence of interdisciplinarity and holistic view on
scientific computing education on a university level, contributing to engineering education in particular
and STEM education in general.

The goal of the research is to develop a feature model for scientific computing education (SCE)
and provide the design principles for design and integration of the relevant learning resources including
software learning objects (SLO) for scientific inquiry driven scientific computing.

The main research questions we aim to answer in this article are the following:

1. What is the conceptual framework for scientific inquiry fostering scientific computing
education?

2. How to design and integrate educational resources aimed to teach scientific computing, with
an emphasis on motivating student research?

As a methodology we use a combination of literature survey and iterative development of the
model. We provide the results based on a structured and synthesised survey of an extensive number of
literature sources. TPACK framework (discussed in the next section) is used to define educational,
technological and content domains for scientific computing education using scientific inquiry.

In order to answer the posed research questions, we start with a study of the context specific
aspects: interdisciplinarity and interdisciplinary curricula development; approaches to scientific
computing education; educational technologies and model-based approaches to education; simulation-
centred approach; learning objects for computer science education and the role of software program if
considered as a learning object; the role of scientific inquiry and its place in engineering education.
Next we move on to studying of the contents: pedagogical content domain study, including
interdisciplinary aspects, aspects of scientific computing education, models of reasoning; educational
content domain study including educational content design aspects; technological content study. In the
parallel, we develop our own perspective on the topics and provide the relevant feature models for
scientific inquiry centred pedagogy and scientific computing education in general. The main design
principles of designing educational content for scientific inquiry centred scientific computing education
are also provided.

Implementation of TPACK model in scientific computing educational domain

In order to systematize the content of research, the TPACK model has been implemented. The aim of
this is to provide the description and specification of the content specific aspects, specifying definite
feature, enabling the process of design of SLO for the SCE.

A specific view on teaching with technology is implemented. In the context of this research,
teaching with technology actually transforms into teaching technology, and the technological domain
is presented in the content of teaching. Both technological and content knowledge domains are
intersected forming an educational environment based on the common features of both domains.

The modelling methodology is based on the TPACK framework, based on which the
specification of the generalized research content can be provided as: (1) pedagogical knowledge in the
form of educational theories; (2) technological knowledge and relevant educational environments; (3)
SC curriculum for content knowledge.

Specification of context domain

One of the most important parts of the model, as well as one of the most important tasks to specify
during the process of design of SLOs, is the proper understanding and specification of the features of
the context. The TPACK was primarily designed as a context-unaware model. This is understandable,



as the development of educational technology started and was primarily focused on in-door static
educational environments with the teachers’ role primarily seen as curriculum and instructional design
developers. An ongoing process of improvement of the TPACK model towards context-aware model is
taking place. The idea is to include the meaning of contextual knowledge to the model itself (Mishra,
2019). We should consider the holistic environment, taking into account more comprehensive socio-
technical issues for modelling and design.

From the pragmatist researcher point of view (the word “pragmatist” is understood as the
description of a research paradigm (Collier, 2017; Goldkuhl, 2012; Peirce & Houser, 1993)), there exist
some subsets of context features (sub-contexts), which are practically important during the design
process of SLOs. Such sub-contexts include: (1) interdisciplinary university education in general; (2)
aspects of interdisciplinary university education in terms of interdisciplinary innovations and research;
(3) aspects of SCE, including descriptions of the existing approaches to SCE in general; (4) general
aspects of educational technologies focusing on the constructionist approach including educational
aspects of computing; (5) model-based approaches in education. These features provide the context for
formulating design principles of proper design of SLOs and proper didactic solutions, simulations in
education. It is important to consider simulations not only as a technological or didactic tool but as an
integral part of a learning/teaching context, including such cognitive processes as simulative reasoning
and grounding; common features and intersection between computer science (CS) and SC educational
domains; didactic aspects of using SLOs in SC education, including possible formalization using the
DSR methodology between Computer Science and SC educational domains; didactic aspects of using
SLOs in SC education, including possible formalization using the DSR methodology. The provided
specification gives us a complete picture of the context and enable contextual knowledge for
scientific inquiry based STEM to be developed.

Pedagogical domain model

Interdisciplinary curricula: existing approaches and perspectives for enhancements

The university curricula development is based on several domains (Holley, 2009; O’Neill et al., 2018):
educational philosophy, educational paradigms; didactics and epistemological perspectives; learning
outcomes and course structure; assessment principles; organization of the learning process; instruction
and teaching methods; educational technology and institutional organization; limitations and
perspectives.

Philosophy of education and educational paradigms may differ. It is important to indicate the
assumptions for these aspects. We adopt pragmatism (Pring, 2007) and postmodernism (Boboc, 2012),
given the obvious difficulties in developing interdisciplinary curricula. This attitude allows us to teach
flexibility and learner-centred approaches to learning, and the importance of this is explained in the
following sections. In addition, it is important to emphasize that scientific research based on post
structuralism or postmodernism is universal and does not enter into a single discipline (Lattuca, 2001).

Traditionally, methods of obtaining knowledge are linear. This is applicable to a discipline-
oriented curriculum. Interdisciplinary knowledge is mainly based on social and institutional solutions
and is not linear in nature. It is important to arrange the curricula in such a way that various
epistemological ideas cross the boundaries of the various fields of knowledge (Holley, 2009). In
addition to expanding the epistemological perspectives, an interdisciplinary approach to curriculum
development must take into account social, cultural and economic factors. The degrees obtained at such
interdisciplinary courses could practically improve the income of students (Klein, 1999). At the same
time, this clearly corresponds to previously given philosophical assumptions. Another important task is
to understand the epistemic nature of interdisciplinary knowledge. It is known (Boix-Mansilla, 2010)
that cognitive processes which are involved into interdisciplinary based inquiry include, besides others,
and a cognitive process of building integrations where such “... integrative devices include complex
explanation and a focus on multiple causes for a multifaceted phenomenon” (Holley, 2009).
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Learning outcomes and the structure of the course should be based on the consideration of the
interdisciplinary nature of knowledge. Knowledge develops as part of human contact and interaction
(Holley, 2009). Such interaction within the university community should be clearly indicated at the
stage of curriculum development. Student learning outcomes include: flexible thinking, improved
cognitive skills, tolerance for ambiguity, the ability to synthesize information, improve critical thinking
skills (Spelt et al., 2009). The significant problem is that interdisciplinary knowledge is usually not
sufficiently structured. It is not always possible to determine the appropriate boundaries of knowledge.
Disciplines develop in their own way. Understanding and processing knowledge related to another
discipline is a challenge for the student and the teacher (Newell, 2001), therefore, there is a need for
non-traditional approaches to structuring an interdisciplinary course.

Assessment principles should be developed taking into account the structure of interdisciplinary
knowledge. A solution (and at the same time a challenge) might arise in view of the integrative nature
of interdisciplinarity. Therefore, the main skill is the ability to integrate different type of knowledge.
Thus, the assessment can be based on an assessment of the improvement in the skills and cognitive
abilities of students, including originality, non-traditional thinking skills, computational thinking skills
(Dolgopolovas et al., 2016; Juskevi¢iene & Dagiene, 2018; Wing, 2008), critical thinking skills
(Horvath & Forte, 2011; Stein et al., 2007), and problem solving ability (Mitrevski, 2019), the ability
to synthesize and evaluate new information.

Organization of the learning process could be based on teamwork, students’ participation in
discussions of interdisciplinary teams, design and research activities. This can happen through
educational units that are integrated into the existing organizational structure of the university, such as
cluster or autonomous colleges, university interdisciplinary departments, centres or research institutes.
At the same time, there may be non-traditional approaches, such as training communities, mass open
online courses and multi-contact consortia (Newell, 2001).

Instruction and teaching methods for the interdisciplinary learning include the following
processes (Holley, 2009; Klein, 1990): problem identification; definition of problem knowledge;
clarification of relevant epistemological concepts; integrating interdisciplinary understanding. The
nature of interdisciplinary knowledge contributes to team-oriented teaching technologies and project-
based teaching methods. At the same time, online learning methods and computer enhancements can
improve students’ understanding and motivation (DeZure, 2010).

Educational technology and institutional organization should be adapted for the needs of
interdisciplinarity. The solution could be: interdisciplinary learning groups; interdisciplinary learning
environments; interdisciplinary doctoral programs; university centre for interdisciplinary teaching and
learning; training for e-technologies; alternative assessment techniques. The reason for the limitations
can be: institutional constraints; complexity of interdisciplinary integration; difficulties in developing
the course. Motivation and prospects can include a holistic view of knowledge and integrative learning
strategies (Holley, 2009).

A unifying approach for development of interdisciplinary curricula

Educational institutions nowadays struggle for the improvement of their scientific input, thus stressing
the importance of the interdisciplinary research. This allows crossing the boundaries of the traditional
science and increasing competitiveness (Davies & Devlin, 2007; Dawe et al., 2005). At the same time,
there are various difficulties and obstacles in that way (Campbell, 2005). One of the most important
guestions to answer is whether it is possible to develop an interdisciplinary university curriculum for
STEM using unifying approaches. One of the possibilities could be based on SC education.

Generally, traditions in model-based simulations are based on different paradigms, which
historically came from various different scientific schools and directions. There is no universal
approach to modelling and simulations from the technical perspective. Every paradigm uses its own set
of background theories and assumptions. At the same time, such educational goals of simulation-based
education as improvements of computational thinking, critical thinking, and problem-solving skills are
quite universal (Snyder & Snyder, 2008; Wing, 2008).

It is possible to develop an interdisciplinary university STEM curriculum based on these
universal goals and focusing on Sl using the model-based simulation approach. This could support a



unification approach to teaching different sciences via looking for similarities in modelling and
simulation paradigms. Such similarities could serve as bridges, which interconnect various disciplines.
Another possibility for unification lies in the context of system modelling and simulation science. This
approach, as opposed to traditional and based on theoretical background approach, is completely
application oriented and focuses on practical solutions in various fields of applications. Experts in the
field of system analysis could highlight the relevant expertise, which could be used by students.
Students could incorporate this knowledge into their own simulation building activities. As to
developing instructional strategies, the unifying approach could be found incorporating the model-
centred approach to instructions.

Approaches to interdisciplinary instructional design

The main aspects to be considered in the process of instructional design for the interdisciplinary
curriculum are: (1) degree of interaction of people outside the same disciplinary community; (2) degree
of integration between knowledge bodies relevant to disciplines; (3) the presence of a comprehensive
problem, theme or topic, which stimulates interdisciplinary interaction (Holley, 2009).

The key point of the presented definition is the existence of a comprehensive problem, therefore
the type of knowledge studied by the interdisciplinary curriculum is a priori by its nature.
Interdisciplinarity examines issues and problems that do not exist within the disciplines (Holley, 2009),
therefore it is possible that there are no available training resources. The model for instructional design
should be project-oriented and research-oriented. The main task is to provide a formal instruction based
on a formal approach and methods (Romiszowski, 2016, p. 4).

The presented approach to the instruction, focused on the scientific inquiry, contains only
guidelines for further implementation in the process of practical instructional designing. This approach
requires further investigation and is positioned as a topic for further research.

Scientific computing education: The scope and definitions revisited

The definitions of SC and SC education are going to be analysed and revised, taking into
account the previously presented descriptions. First, the following definition (first modification of
definition provided by Golub (Golub & Ortega, 1993)) is proposed: “Scientific computing is a scientific
discipline of conducting (designing and implementing) scientific inquiry (in the field of interest) via
computer simulations.” Two central meanings of the presented definition should be discussed: (1) SI
and (2) computer simulations.

There is a need to revise the meaning of the scientific inquiry in order to stress the result
oriented activity. Jadrich (Jadrich & Bruxvoor, 2015) suggests defining Sl as an activity of creation,
testing, and refinement of scientific models. Generally, this definition corresponds well with the
purpose of our studies, although the following remark should be made. Testing of models generally
means in practice one or other types of simulations or computer simulations in particular. Therefore, it
could be referred to the earlier presented definition of so-called “model-based” simulations
(Landriscina, 2013). The revised definition is: “Scientific inquiry is an activity of conducting scientific
model-based simulations”. SI in the field of computing could be defined as an activity of conducting
model-based computer simulations.

Actually, the presented definition could be applied for any area in which simulations could take
place including multidisciplinary areas. The focus in the presented definition is the model.
Consequently, SC education could be defined as an educational process in the field of SC.

The model becomes the central part under the revised definition of the SC, therefore the process
of scientific activity converts here to the process of designing artefacts in general or designing computer
simulations in particular. The research methodology that could be implemented is Design Science
Research (DSR), which allows unifying the process of research for SC thus providing new opportunities
for scientists, educators, and policymakers. The DSR cycle (Hevner, 2004), could be related to SC as
follows. Environment: organizational systems (supporting infrastructure and organizational structure
for simulations); technical systems (hardware, software as related to simulations); DSR (design
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appropriate models including conceptual model, mathematical model, computational model, simulation
solutions and process simulations). Foundations: theories in the field of SI, theories in the field of
computations and simulations.

Under the previous definitions, the main attention to teaching SC is shifted from the traditional
approach like focusing on various internal parts to focusing on the overall process of DSR in general.
The main teaching task could be formulated as how to teach students to conduct SI using computers. It
is clear that this new paradigm also includes all steps of the previous definition but the main difference
is that this new paradigm systematizes the field and provides the unified research method DSR. The
aim of the educator is to develop an integrated educational environment.

Abductive reasoning for discovery and innovations

How should the learning environments be designed to enable students’ creativity and discovery
process? Unnatural environments, such as educational settings, should obviously be distinguished from
natural environments in which learning can be based on everyday experience (Laurillard, 2013).

The task of the educator or instructional designer is to arrange the proper “grounding” of the learner to
settings of such unnatural environment that can be modelled as “grounded cognition” (Barsalou, 2010).
Computer simulation can be positioned as a tool for such “grounding”. The theory of situated
simulations (Barsalou, 2008; Pezzulo et al., 2013) provides relevant theoretical foundations for
modelling students’ practical activities in creating computer simulations. In practice, the concept of
developing of mental models, if expressed as a progression in the development of simulations as
cognitive artefacts, can provide a theoretical basis for learning based on developing simulations
(Dolgopolovas et al., 2019).

The conceptual model is positioned as an intermediate in the process of the corresponding
“grounding” for simulation making educational activities. The next question to consider is how mental
models evolve? For example, Thagard (Thagard, 2010) considers certain forms of mental
representations, such as representations based on activation of patterns of neurons populations as
mental models. This cognitive approach overcomes the limitations of the “sentential” model of
abduction developed by Magnani (Magnani, 1999, 2009). At the same time, this provides a theoretical
basis for the model of explanatory reasoning (Peirce & Houser, 1993) that goes beyond the process of
verbal information and communication.

The next important issue to explore is how new ideas can be gained during the
abduction process. Mental representations can be considered as patterns of firing in populations of
neurons, and the construction of mental models can be described as a causal process of developing a
chain of patterns. This allows the development of a fully multimodal neural abduction model (Thagard
& Stewart, 2011) based on a convolutional mechanism which describes the process of creativity and
innovations (Thagard, 2010). At the same time, various contextual factors and the logic of
circumscription (McCarthy, 1981), which evaluates previous experience, as a trigger for eliminating
irrelevant transactions in such a cognitive process of formulating hypotheses and the corresponding
process of abductive inference.

Circumscription and abductive reasoning for the process of modelling

How to introduce circumscription and abduction reasoning into everyday educational practice of
computer-based education? This is not a trivial task, moreover, the lack of practical examples,
methodological and instructional approaches motivate efforts for education without computers. As an
example, the well-known computer-free education movement, which was developed by Bell et.al, could
be mentioned (Bell et al., 2009). In fact, the “under the hood” motivation for this is to implicitly
introduce abduction and circumscription into teaching practice. It is worth mentioning the practical
approach - the model of modelling approach developed by Justi and Gilbert (Justi & Gilbert, 2002). It
describes the process of development of mental and the corresponding expressed models. The presented
approach describes modelling as a multistage and non-linear process, which consists of: (1) obtaining
information about an object or entity to be modelled; (2) creating a mental model of that object or entity;



(3) choosing the right way of representing and expressing this model in an adequate form; (4) testing
the model in the process of experimenting both as mental and empirical; (5) an assessment of the
limitations and scope of the model.

The abduction and circumscription processes allow dividing simulation using from simulation making
educational methods. As applied to the process of cognitive reasoning, focusing on the processes of
circumscription and abduction, the model of modelling approach could be further developed as follows:
(1) inductive reasoning enables corresponding generalizations during the propositional phase; (2)
abductive reasoning in the form of grounded abduction enables the process of developing of mental
models based on hypothetical model-based reasoning and relevant information which is obtainable; (3)
deduction reasoning enables conceptualizations as a result of the empirical design process; (4)
circumscriptive reasoning provides a set of constraints and limitations that are based on existing
students’ knowledge and relevant skills.

Content domain model

Designing content for scientific computing education

The simulation-based learning environment requires a systematic approach to design its content. The
designer should enable a smooth pathway from the concept of the learning environment to practical
solutions of problems, which students could simulate using computers. The key factor, which is
important here, is to “understand the ways in which simulation can foster learning in so many different
contexts” (Landriscina, 2013). An appropriate way of learning is only the way of learning by building
simulations as opposed to the way of learning by using simulations.

Each of the simulation making activities such as system analyses, developing of a conceptual
model, designing of a computational model, programming a simulation, conduct simulation
experiments, analyse the simulation data, requires understanding, requires understanding, the ability to
reason and predict and the corresponding construction of mental models in this way. Building a
simulation model is a challenging task in itself; also this is a challenging task in an instructional context.
The pre-knowledge of students differs. In such a case, an educator could provide a pre-programmed
model for simulations and shift the educational process from simulation-making to simulation-using,
which is not so effective as the previous one, but supports a “mediated” style of teaching (Laurillard,
2013) and fits the previously described teaching strategy. Generally, the role of instructional support is
extremely important, as the main goal, besides training particular students’ skills, is to develop students’
understanding of the provided concepts. This instructional support includes (Landriscina, 2013):
background information, questions, hints, explanations, exploration guides, exercises, graphing tools,
planning tools. However, an important observation is that this support should be provided “on the fly”
and using a seamless approach, as previously described. Therefore, the “traditional” style, which is
mainly oriented to requirements for prerequisites, should be transformed to the seamless style, with
instructional support provided in parallel. At the same time, such transformations will improve students’
motivational factors. This concept is closely related to the concept of “microworld” introduced by
Seymour Papert (Wooster & Papert, 1982) and to the similar concept of synthetic environments (Seel
& Blumschein, 2019). The main difference is that simulation-based environments are artefact-centred
and have a clear focus aimed at the central role of an artefact in the form of a model for simulations. It
is also important to stress the difference between simulation using and simulation building activities.
The difference is clearly seen if a well-known analogy or the so-called “black box” model will be
applied. Franko Landrisina (Landriscina, 2013), as opposed to a “black box™ as a model of learning by
using simulations, suggests a “glass box” as a model describing learning activities of simulation-
building.

Another important issue to be considered is the problem of the cognitive opacity of simulation
models. This problem, as refers to SCE, brings a new insight to the earlier discussed so-called “situated
learning” approach (Brown et al., 1989; Laurillard, 2013). The situated environment should be designed
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in a manner which enables using a set of “rendering” the model features, as well as in the form of
instructional design tools that bring such features into the environment. This is an absolutely
challenging task, as it also requires teacher expertise to be transformed into a set of instructions.
Moreover, this requirement is based on the prediction that such expertise is presented explicitly, that is
not a case as all knowledge is either tacit or rooted in tacit knowledge (Polanyi, 1966; Senker, 1995):
“... these two are not sharply divided. While tacit knowledge can be possessed by itself, explicit
knowledge must rely on being tacitly understood and applied. Hence all knowledge is either tacit or
rooted in tacit knowledge”.

It is important to stress, that knowledge but not skills are considered as “tacit”. In spite of a
seeming contradiction, namely, knowledge, related to cognitive concepts, involves such cognitive
dimensions as schemata, paradigms, mental models, etc. (Senker, 1995). Is it possible to make this
knowledge explicitly available? It could be possible by practical experience or interaction with experts
(Senker, 1995) and with teachers in the context of educational environment. Therefore, the mediating
role of a teacher becomes even more important. A teacher should focus not only on mediating the
situated learning environment but also on transferring his personal and best practice expertise in the
field of model-based simulations. At the same time, simulation-based learning involves an epistemic
interplay among different kinds of students’ mental models which are developed during simulation
activities. Therefore, a well-designed learning process should be aware of the process of constructing
students’ mental models (Landriscina, 2009).

The main focus of education is on improving students’ skills in creating simulation models.
These skills should provide universal prerequisites for the complete educational environment. At the
same time, the content of CS, information, and communication technology courses could be revised
focusing on modelling and simulation solutions. Figure 1 presents an outline of the methodology in the
form of a feature model.

The model by itself should be designed as a multifaceted model with emphasis on teaching
students and using didactic approach which is based on DSR methodology requirements. The
multifaceted feature of the model allows students to construct their knowledge in a constructionist
manner, enabling students group work and collaborations and bringing gaming elements into learning.
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Figure 1. Feature model for DSR and SI centred pedagogy for grounding the learner’s cognitive
models in the form of a concept map

Main design principles for the model-based scientific inquiry centred scientific
computing introductory content

The main points of SCE should be refocused on teaching the basic principles of model-based simulations
and training the skills enabling students to develop model-based simulations. This means not narrowing
but, on the contrary, widening the scope of the curricula. At the same time, this unifies and integrates
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the complete educational environment, enables the constructionist approach to learning, brings
possibilities of gamification into the learning process. Designing the content, an integrated approach
considering all phases of Sl should be undertaken.

As an example, we provide a class of models, based on recurrent equations of the form:

n+l=f(n n-1, ..)

The simplest example is Fibonacci numbers. The recurrence definition of Fibonacci numbers

Fn+1)=Fn—-1)+Fn-2),N>2; F)=F2) =1

In spite of its simple form, these examples become a basis of the whole unit focused on
modelling scientific problems, which are based on recurrences, including stochastic recurrences. First,
a scientific problem, for example like analysis of the population growth problem (P) (Bryc, 1996;
Heyde, 1981; losifescu et al., 2013) should be formulated. The recursive programming model could
solve it. Therefore, to find a solution, students could develop a simple simulation in the form of a
recursive program that calculates Fibonacci numbers. To facet the model, some additional feature
should be incorporated. For example, the problem could be modified (P1) by asking about the time the
population should be k times bigger than the population of humans. Now, students should think about
the improvement of the previous model and make a horizontal step in the educational design cycle. It
could be so that recursive solution will not suite due to the lack of computational resources and this will
force students to look for another solution as an explicit form of Fibonacci (P2) (Binet’s formula): the
next possible step is to introduce the Fibonacci primes. So the modified problem (P3) could be
formulated as:

(1+V5)" -1 —V5)"
2n4/5

the modification of (P2) with constraints on the population number allowing only prime Fibonacci
values for the number of population. In such a case, students will be forced to implement parallelization
techniques into their previously developed models.

The next step is to involve optimization and to modify the problem into the next form: k(t) —
max within provided computational resources (P4). Students could be asked to represent the
dependence k(t) graphically. For better-prepared students, the emphasis on probability, stochastics
(Papoulis & Pillai, 2002) and analogues of Fibonacci series (P5) could be placed (Heyde, 1981;
losifescu et al., 2013). The stochastic model of the evolution of populations on whose members undergo
a phase of immaturity based on Fibonacci series could be presented (losifescu et al., 2013). Let
&(),i € N+,n € N beindependent identically distributed random variables of generating function:

F(n) =

f@ = Pzt 0<m=f(1)<eo

kEN

Let X(0) and X(1) be independent random variables that are also independent of . The
stochastic Fibonacci model is defined as follows (losifescu et al., 2013):

X(n)
X(n+2)—X(n—-1) = {z &), if X(n) >0,n€N;
kl=10,ifX(n) =0,n €N.

Obviously, the particular case ¢;(n) = X(0) = X(1) =1a.s.,i € N+,n € N is nothing but the
Fibonacci sequence. This allows introduction to stochastic experiments and stochastic modelling



including stochastic processes and the MC method (Thompson et al., 1985; Toral & Colet, 2014). As
an example, the next problem (P6) to prove ergodicity of the described stochastic process (Papoulis &
Pillai, 2002) could be formulated. The described process is considered as mean-square ergodic in the
first moment if:

lim Zgi(") = E[X(0)]

n—oo

where E[X(n)] is the constant mean. The ergodicity in the second moment could be studied as well:

i Yol X(n+1) — E[X(m)DX(n) — E[X(M)]]
im =F

lim n [(X(n+ 1) = EX(DXG) - EIX()])]

Such modifications or “faceting” of the problem introduce gamification features into the
learning process and facilitates the constructionist approach to learning. It is important to stress that this
simply formulated example incorporates the main features of the model-centred scientific inquiry-based
education as focus on model-based simulations and seamless approach to theoretical backgrounds. In
the process of designing a simulation model, students are forced to practice using design cycles and
other DSR analytic techniques starting from formulating the hypothesis and providing working
solutions for simulations. At the same time, the multifaceted feature of the model allows students to
construct their knowledge in the constructionist manner, enabling students group work and
collaborations and bringing gaming elements into learning. Figure 2 presents the summary of the
presented design principles.

Technological domain model

Technological domain model is of primary importance. First, technology plays an important role for
providing a platform for experiments with computers, including modelling, simulation and
parallelization topics; second, the technology itself is a topic to be included in to the curriculum.
Technological domain consists of several major parts like: hardware platforms for computations;
software tools for implementation of algorithms; software engineering topics and technologies.

Hardware platforms for calculations include various computational platforms. Here, for
instance, important are the big data processing feature and parallelization enabling features: the type of
the processing unit (usually Complex Instruction Set Computing (CISC)); the type of the computational
architecture (as related to the topic of parallelization); Details of various processing architectures: SISD,
SIMD, Multiple Instructions, Single Data (MISD), MIMD; Details of MIMD architectures: Uniform
Memory Access (UMA), Non Uniform Memory Access (NUMA) solutions; Details of hybrid HPCC
architecture.
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Formulate a universal generalized model like a model of a stochastic
recurrence. Specify a generalized view on the class of problems

v

Specify the conceptual model for a definite class of problems

v
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v

Specify the content of a Scientific Inguiry enabling educational tools:
specify instruction guidelines, provide didactic tools. specify
communication channels
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v
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v

Develop (adopt) the mathematical model for the initial problem.
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¥

Develop dissemination of the simulation
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Figure 2. Summary of the design principles for the model based Sl centred learning resources

Software tools for implementation of algorithms include parallelization specific software tools,
e.g. shared memory parallelization tools; distributed memory parallelization tools; platforms specific
operation systems; platforms specific command languages; SC specific tools: randomization tools,
matrix and vector computations; big-data visualization tools; platform (computation, visualization,
simulation) specific programming languages and tools.

Software engineering topics and technologies include software development methods. This is
especially relevant for implicit parallelization techniques and techniques based on the functional



approach to programming. Such methods include: model-based approach to software engineering;
software engineering approaches to scientific computing methods and algorithms; software engineering
approaches to big data processing including data storage and visualization aspects.

Implementation of the models

The following examples are more complex and use queueing networks and stochastics. Basic principles
of queueing networks (Gautam, 2012; Mercer & Newell, 1972; Nelson, 2012) are easy to understand
and could become a foundation for various problems and simulation experiments. Python for model-
based and simulation-centred education is presented in (Dolgopolovas et al., 2014). The model of
Stochastic simulations of queueing systems using the C is presented in (Dolgopolovas et al., 2015).

Generalized feature model

Summing up, the feature model could be implemented as a concept map diagram. The reasoning
schemes used give an outline of concepts and meanings used during the assertions: SCE: revision of
definitions (the main focus is on Sl and research, not on content); model centred approach; from
conceptual model to computer model (may be in the form of educational software and a possible
approach is to implement software in the form of a learning object); teaching how to do research;
teaching SI by how to make models and conduct experiments with models; teaching of how to make
model-based simulations; seamless approach to theoretical prerequisites; DSR for improvement of
models (as a teaching method); educational task: improvements of the model-based simulation (with
the aim to find a solution to the scientific problem); students as researchers; educators provide an
artificial environment for this “primary” research; main focus on models and simulations (on artefacts);
inquiry-based, constructionist, and research-based education; DSR-based education.

Interdisciplinary education: focus on research in the field of interest; doing research; solving
scientific problems by SI; making scientific model-based simulation.

The research context: practical examples of implementations; DSR formalisms; evaluation;
dissemination; published papers. The concept map of the related features is presented in Figure 3. The
list of concepts covered in the research include: Cognitive artefact; Case Studies; Computational Model,;
Conceptual Model; DSR; Dissemination; Educational technology; Evaluation of models;
Formalization; Computer Hardware; Instructional Design; Instructional Patterns; Interdisciplinary
University Research; Learning Object; Mathematical Model; Model (in general); Model-based
Scientific Simulations; Pedagogical Patterns; Research methods; Grounding; Sample Software; Sl;
Simulational Reasoning; Teaching Research methods; Teaching Interdisciplinary Curriculum;
Teaching Methods; Teaching SC; Teaching STEM, Engineering; Theoretical prerequisites.
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Figure 3. Generalized feature model in the form of a concept map

Discussion and conclusion

The research focuses on a holistic view of scientific computing education and provides the synthesised
and structured literature survey and development of design and integration principles for application



and integration of the educational resources (software learning objects) for teaching scientific
computing.

The TPACK model provides a relevant framework for systematising research context in the
form of a definite structure. This serves as a meta-structure for research context focusing on the three
major areas: educational technology, instructional design and didactic aspects of teaching SC.

The importance of pedagogical ideas of integration and seamless approach to scientific
computing education is stressed. As the discipline that could potentially cover different fields of science,
with a variety of theoretical backgrounds and traditions, a unifying approach, implemented within an
educational institution like a university, could provide complex foundations aimed, besides field-
specific knowledge, at improving scientific inquiry, computational literacy, and engineering skills. At
the same time, such unifying approach provides a solid background for interdisciplinary research
activities, and this is of primary importance for modern science, technology, and education in these
fields.

The context provides a clear set of its features, enabling further implementation of domain-
specific models. These features are specified as follows: (1) interdisciplinarity enabling features,
important for specifying the educational policy in general; (2) constructionist educational approaches
and the relevant features, enabling proper direction for positioning of educational approaches and
theories in general, design and specification of instructional design approaches in particular; (3) model-
based approaches and simulation-centred approaches, clarifying the directions for development of
constructionist educational methods; (4) software learning objects, clarifying the description and
specifications for learning objects as related to CS education in general and SLOs as related to SCE in
particular; (5) specification of scientific inquiry related context, providing a background for model-
based and simulation-centred approaches; (6) specification of Design Science Research and its features
within the context of the research, enabling further development and implementation of the applications
of the DSR methodology in the research context and the domains in the study.

The approach presented in this manuscript provides constructionist project-based learning
methodology. The aim of the presented methodology is to support the universal approach to the
university STEM education, thus enabling a common basis for interdisciplinarity and innovations.
Abduction and circumscription should be introduced into the practice of the educational process. This
is important for a modern scientific environment as this enables creations and scientific innovations. At
the same time, such approaches as model-based approaches to learning and instruction are presented in
the form of research pedagogy for university STEM education. The model-based approach provides the
basis for education through the development of model-based scientific simulations, improving
educational research methods and project-based educational approaches. DSR delivers formalization
in the form of universal teaching methods. Based on these considerations, students can act as part of an
interdisciplinary team of researchers creating hypotheses, developing simulations, evaluating results,
and utilising DSR tools and methods. Teachers must provide an educational research environment in
the form of pre-designed models, relevant instructional approaches, and corresponding seamless
theoretical foundations.

Such a unifying approach, in the form of the developed design and integration principles,
provides a base for modernization of existing and creation of innovative university educational
programs, enhancing diversity and interdisciplinarity in research and modern university education. The
presented educational solutions are aimed at university STEM education that is focused on enhancing
interdisciplinary and innovations in the modern university curricula. Educational solutions implement
a scientific inquiry centred approach and provide a set of practical educational techniques and unifying
teaching methods. Relying on Peirce pragmatism and principles of embodied cognition, this study
suggests a bridge from the cognitive theoretical constructions to practical educational techniques and
methods, which are pragmatically useful and applicable for educational practitioners. The presented
approach is based on such theoretically well-grounded and practically effective solutions as the Design
Science Research methodology, a model-centred approach to instructional design, model-based
teaching methods, problem-solving and constructionist didactic approaches. For the purpose of this
study, scientific inquiry centred approach is understood as an educational process of designing
(developing, testing, evaluating, and improving) model-based scientific computer simulations.
Computer simulations, underlying software, computational and conceptual models as cognitive
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artefacts allow the Design Science Research methodology to be implemented in the form of a practical
teaching tool. An appropriate educational environment that is based on pre-designed multifaceted
models and a seamless approach to theoretical prerequisites is introduced.

The main practical input of the presented research is not only the presented feature model that
can be used to develop interdisciplinary scientific computing course, fostering scientific inquiry, but
also the process of the model development.

Unless we address higher school (university level studies) in this article due to the possible
complexity of models to be developed by the students as researchers, the proposed approach can be
successfully adapted for the middle and high school levels by defining appropriate knowledge domain.
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